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Abstract
Background: Over the past two decades, the media landscape has undergone
substantial changes. Social media is increasingly replacing traditional
media, which has influenced the way of advertising. Social media
platforms enable a two-way communication between brands and its
consumers. However, it remains a challenge for brands to create relevant
and attractive content in order to market themselves and build strong
relationships with consumers on social media.
Purpose:

The aim of the study is to investigate what should be taken into account
in order to generate a higher level of consumer engagement when brands
publish posts on social media.

Method:

This study is conducted with a quantitative research design. It employs
a content analysis of brand posts by a selection of worldwide fast food
and beverage brands on the social media platform Instagram. Eight
international brands are selected based on the size of their business
around the world and the variation of their brand posts. A total of 287
brand posts from the brands’ international accounts are collected and
examined in order to investigate what leads to higher levels of consumer
engagement.

Findings:

The results of the study reveal that image posts lead to higher levels of
consumer engagement compared to video posts. However, content type,
emotions, source of content, presence of hashtags and posting time do
not create significant differences in engagement levels.

Keywords:

Social Media Marketing, Consumer Engagement, Instagram, Fast Food,
Beverage, Brand Post, Content Analysis.
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1. Introduction
In this chapter, the background of the study and the problematization are introduced in
order to explain why the subject is interesting to be investigated. The purpose and the
research question are presented as well.

1.1 Background
Over the past two decades, the media landscape has undergone considerable changes
(Mangold & Faulds, 2009). Social media is increasingly substituting traditional media
and this change has influenced the way of advertising as well (Bruhn, Schoenmueller &
Schäfer, 2012). Traditional advertising sources such as radio, television, magazines and
newspapers are losing their appeal to consumers, which consequently reduces the
effectiveness of traditional media for advertisers (Rashtchy, Kessler, Bieber, Shindler &
Tzeng, 2007, p.64). These media have therefore learned to be present on the internet by
providing content online and they keep using advertising in forms of banners or videos
on their website (The New York Times, 2019; TV4 Play, 2019).
According to the report Global Digital 2019 published by We Are Social and Hootsuite
(2019), the number of internet users worldwide has become around 4,4 billion, which
makes up 57% of the world population. The total number of active social media users is
estimated at 3,5 billion, meaning that nearly 80% of the online users are using social
media (ibid.). The large audience represents a strong advantage for marketers to use social
media as a communication channel.
Kaplan and Haenlein (2010, p.61) define social media as “a group of Internet-based
applications that build on the ideological and technological foundations of Web 2.0, and
that allow the creation and exchange of user generated content”. The interactivity of
social media not only grants companies the ability to share information with consumers
but also enables consumers to share and exchange information with each other (Tsimonis
& Dimitriadis, 2014). The possibility for a dialog between consumers and brands through
comments, likes and shares makes social media marketing different from traditional
marketing practices.

1

Due to the interactive and individualized nature of social media, it has become an
imperative medium for branding (Du Plessis, 2017). Social media marketing has various
benefits such as brand awareness and sales increase (Bîja & Balaş, 2014; Fanion, 2011,
cited in Tsimonis & Dimitriadis, 2014, p.332). Tsimonis and Dimitriadis (2014) name
four reasons why firms choose to be present on social media: the growth of social media
and its popularity, its viral character, the presence of competitors on social media and the
lower cost compared to traditional advertising. They argue that depending on the nature
and the social media strategy of the company, the chosen platforms would be different
with consideration to the content the firms want to publish.
Social media has grown to be a popular channel for brands to market themselves as it
leads to many benefits. As mentioned previously, social media enables brands to
communicate with consumers directly. This communication creates a stage where brands
have the chance to show their brand personality, which is the set of human characteristics
assigned to the brand (Aaker, 1997). According to Budac and Baltador (2014), it has been
found that brand personality has an impact on consumers’ purchasing preferences,
meaning that the possibility for a consumer to purchase a brand is higher when the brand’s
personality is similar to their own.
An important objective for companies is to build engagement on social media, as this
leads to improved customer relationships (Van Doorn et al., 2010), sales (Chevalier &
Mayzlin, 2006) and stronger brand equity (Bambauer-Sachse & Mangold, 2011).
According to Syrdal and Briggs (2018), engagement on social media is measured in terms
of likes, comments and shares by marketing practitioners.

1.2 Problematization
Despite the attractiveness of social media as a marketing channel, creating relevant and
engaging content on a daily basis is a challenge for brands, which can be an obstacle for
them to employ social media marketing (Rana & Kumar, 2016; Schultz & Peltier, 2013).
For example, providing content on a high frequency as a brand on social media does not
necessarily lead to higher levels of engagement (TrackMaven, 2016). Hence, brands need
to prioritize relevance over quantity by knowing what to publish. Furthermore,
researchers have found that loyal customers are the most engaged audience of a brand’s
2

social media community and that pushing sales promotions could lower their lifetime
value (Nelson-Field, Riebe & Sharp, 2012). Therefore, being able to create appealing
social media content in order to support communication and stimulate engagement is of
great importance to a brand.
Tafesse and Wien (2018) argue that content with different emphases differ in the power
of driving consumer engagement online. Marketers should be aware of the effectiveness
of different content types in order to achieve the desired responses from consumers
(ibid.). Additionally, there are also researchers taking the effects of various media types
into consideration. For example, Evans (2012, p.226) argues that visual elements, such
as videos and images, are helpful to brands’ success on social media, since they convey
information precisely and engage the audience in a way that text-only content sometimes
fails to do. Moreover, some researchers highlight the significance of emotional aspects of
the content with consideration of information transmission (Heath, Bell & Sternberg,
2001). Berger and Milkman (2012) take this a further step and stress that different
attributes of emotions, namely the valence and arousal, would result in different levels of
consumer engagement.
However, creating appealing and accurate content is not the only aspect that a brand
should pay attention to. Strengthening the visibility of the content by posting the content
at a proper time so that consumers would see it should also be taken into consideration
(Sabate, Berbegal-Mirabent, Cañabate & Lebherz, 2014). Furthermore, Salazar (2017)
suggests that in order to make a post more attractive and visible to a broader range on
social media, adding hashtags would be an effective strategy. In addition to the content
originated by brands, it has been suggested that content created by consumers would
facilitate the generation of consumer engagement on social media as well (Hambrick &
Kang, 2015). Encouraging consumers to involve in the content creation would even
benefit the brand with strengthened relationship with its consumers (ibid.).
According to Barger, Peltier and Schultz (2016), studies that analyze the relationship
between content and consumer engagement on social media are needed. De Vries,
Gensler and Leeflang (2012) investigate the effects of different attributes, such as
vividness, interactivity and content type of a brand post on its popularity on the fan pages
of eleven international brands. Tafesse and Wien (2018) examine how messages with
different emphases, namely transformational, informational and interactional, influence
3

consumer engagement on Facebook. Araujo, Neijens and Vliegenhart (2015) conduct
research on Twitter to find out how informational cues, emotional cues and traceability
cues (hashtags) would influence the retweeting of brand messages.
There are more studies about branded content and its impact on consumer engagement
besides the ones that have been mentioned above. However, most of the research has
analyzed posts from brands’ accounts on Facebook or Twitter. With consideration to the
fact that different social media platforms are chosen by consumers when they are looking
for information and making their purchasing decisions (Lempert, 2006, Vollmer &
Precourt, 2008, cited in Mangold & Faulds, 2009, p.360), other social media platforms
are worth investigating as well.
One of the largest and fastest growing social media platforms is Instagram (Target
Internet, 2019), which has a strong focus on mobile photo-sharing and short-videosharing. Unlike Facebook and Twitter, it is not possible to only post a text on Instagram
(Wortham, 2012). More than 25 million businesses have an account on Instagram
(Instagram, 2019a), including both world leading brands and small businesses (Coelho,
Oliveira & Almeida, 2016). Since 60 % of Instagram users claim to discover new products
on this platform, it has become a useful tool for brands to market themselves (Instagram,
2019a).
However, little research has focused on branded content on this fast-growing platform,
which is also one of the most popular social media platforms in terms of number of users
(Statista, 2019). In order to fill the gap in the field of content analysis of social media
marketing, this study seeks to provide a broader analysis of branded content on Instagram.

1.3 Purpose and research question
The aim of this study is to investigate what should be taken into account when brands
publish posts on social media to generate more consumer engagement, which leads to the
following research question:
What characteristics of brand posts lead to a higher level of consumer
engagement on Instagram?
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2. Theoretical framework
In the following chapter, previous research and different theories that are relevant to the
study and its purpose are presented. The theoretical framework is initiated by some
background knowledge about social media marketing and consumer engagement, and it
is followed by the development of hypotheses.

2.1 Social media marketing
The investigated subject of the study belongs to the field of social media marketing, it is
therefore relevant to include it in the theoretical framework to provide an explanation of
its implications for businesses. Social media marketing is “an interdisciplinary and crossfunctional concept that uses social media (often in combination with other
communications channels) to achieve organizational goals by creating value for
stakeholders” (Felix, Rauschnabel & Hinsch, 2017, p.123).
Batra and Keller (2016) argue that the consumer decision journey has changed as digital
channels are widely used nowadays by, for instance, using search engines, blogs and
brand websites to seek information related to shopping. Among the digital marketing
channels, social media also plays a significant role in the consumer decision journey as it
has become a medium to search information about products and brands (Pee, 2016).
While Danaher and Dagger (2013) found that the effects of social media on sales and
revenue are ambiguous, other researchers have found positive consequences of social
media on purchase (Kumar, Bezawada, Rishika, Janakiraman, & Kannan, 2016). To be
precise, Kumar et al. (2016) found that the synergy between brand-generated content,
television advertising and email marketing have a strong influence on consumer behavior,
especially on technophiles and frequent social media users.
In the same vein as Kumar et al.’s (2016) findings, Batra and Keller (2016) suggest that
social media should not be the only medium used in marketing. Since the traditional and
digital marketing channels have different outcomes on consumer behavior, the use of each
medium should be tailored to specific steps in the customer journey, or the “path to
purchase” as Batra and Keller (2016, p.122) call it.
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2.2 Consumer engagement
Van Doorn et al. (2010, p.254) focus on the behavioral dimension of engagement in their
definition: “Customer engagement behaviors go beyond transactions and may be
specifically defined as a customer’s behavioral manifestations that have a brand or firm
focus, beyond purchase, resulting from motivational drivers”. Consumer engagement can
be expressed by Word-of-Mouth (WOM) activities, recommendations, assisting other
customers, blogging or writing a review (Van Doorn et al., 2010).
Engagement on social media has been addressed in a critical manner (Syrdal and Briggs,
2018). Syrdal and Briggs (2018) found that some researchers focus on the psychological
dimension of engagement, by defining it as a psychological state, a state of mind, a sense
of involvement or as a psychological process. The depth in which consumers are
psychologically engaged with content may not be reflected by metrics, however
marketing researchers and practitioners use the count of likes and comments to reflect
engagement (ibid.). Therefore, the same measures serve as a proxy to represent consumer
engagement on social media in this study.
Consumer engagement behaviors can result from different attitudes: existing brand
knowledge, customer satisfaction (Dessart, Veloutsou & Morgan-Thomas, 2015), brand
commitment, trust, and brand attachment (Van Doorn et al., 2010). A consumer’s
relationship to a brand can be related to consumer engagement, especially if the consumer
identifies itself with the brand and its online brand community members due to their
common interests (Dessart, Veloutsou & Morgan-Thomas, 2015).
The goals of consumers such as the maximization of consumption benefits or the
maximization of relational brand community benefits will also influence the way
consumers engage with a brand (Van Doorn et al., 2010). The content on online
communities can provide the consumer with informational and entertaining benefits
(Dessart, Veloutsou & Morgan-Thomas, 2015). Consumers can for example follow a
brand on social media in order stay updated about new products and offers.
Furthermore, consumer engagement behaviors can also increase social, financial and
emotional benefits (Van Doorn et al., 2010). For example, consumers can obtain social
benefits by reinforcing their identity with their engagement behaviors (ibid.). Improved
relationships between brands and consumers by consumer engagement may additionally
6

lead consumers to perceive that they receive greater value from a brand and that the brand
cares about its customers, which would result in trust (Vivek, Beatty & Morgan, 2012).
Moreover, consumer engagement activities can subsequently be beneficial on marketing
metrics, which would increase a firm’s performance and thus affect a firm’s value
(Verhoef, Reinartz & Kraff, 2010).
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2.3 Hypotheses development
2.3.1 Content type
Consumers exchange information with each other on a daily basis when they
communicate (Tafesse & Wien, 2018). This social transmission of information is even
more intense on social media (Stephen, Dover & Goldenberg, 2010) and it serves as a
medium for consumers to communicate information about their life and their thoughts.
As mentioned in the previous chapter, the different benefits consumers can obtain from
online consumer engagement represent motives for them to be engaged with content:
emotional, social, hedonic (entertainment), functional (financial or practical) and selfimage (how they portray themselves) (Jahn & Kunz, 2012).
Understanding what drives consumers to be active on social media will help marketers
align the characteristics of the content with consumer motives (Tafesse & Wien, 2018).
By doing so, brands can have an effective communication with an engaged audience and
thus a successful social media strategy (Zhu & Chen, 2015). Content type is therefore
important in engineering branded content since it has a strong influence on consumer
engagement measures such as likes, comments and shares (Tafesse & Wien, 2018).
Tafesse and Wien (2018) have found different levels of consumer engagement in social
media posts depending on these content types: informational, interactional and
transformational.
The informational content type involves factual information about products and services
in a clear and rational manner while being valuable for consumers by providing
information about the benefits, the functional attributes and the way of using of the
product and service (Laskey, Day & Crask, 1989; Puto & Wells, 1984).
Interactivity is not present in the traditional advertisement research since it is proper to
digital marketing channels (Tafesse & Wien, 2018). Although it is arguable that print
magazines and newspapers sometimes stimulate interactions by encouraging readers to
send letters to them (nowadays e-mails), the in-real-time aspect is unique to social media
and blogs. Brands that use interactional content encourage consumer-to-brand
interactions and consumer-to-consumer(s) interactions on social media (Tafesse & Wien,
2018).
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The transformational content type is strongly linked to the consumer experience of the
brand and its products and services. This strategy highlights the symbolic, hedonic and
emotional characteristics of products and services (Tafesse & Wien, 2018). It also makes
the consumption experience unique to the brand by transforming the basic consumption
experience into a richer and more meaningful one (Puto & Wells, 1984). In other words,
it mediates the brand personality and the lifestyle associated to the product or service sold
(Laske, Day & Crask, 1989).
Tafesse and Wien (2018) have found that transformational content generates more
consumer engagement than informational and interactional content. Indeed, content
related to brand personality such as emotional and humorous content has been found to
lead to a higher level of consumer engagement than informative content about price and
offers (Lee, Hosanagar & Nair, 2018). Additionally, social media posts that have an
experiential, image and exclusivity appeal contribute to create more consumer
engagement (Ashley & Tuten, 2015).
Drawing from the findings mentioned above, it can be expected that transformational
content, which conveys the brand personality and the brand experience through
emotional, hedonic and symbolic brand characteristics, will drive consumer engagement
on higher levels than informational and interactive content. Thus, we suggest the
following hypothesis:
H1: Brand posts that present transformational content will create a higher level
of consumer engagement than brand posts that present informational content or
interactional content.
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2.3.2 Emotions
According to Holbrook and Batra (1987), emotional appeals play a role in attracting
attention and generating action from various types of advertising. They suggest that
different content would evoke different emotions and these emotions would further shape
consumers’ attitudes to the advertisement, and thereby even influence their attitudes
toward the brand. The results from their research show that emotional content makes
positive contribution to the attitude toward an advertisement. This indicates that emotions
can be considered as a mediator for consumers to receive and interpret the information
conveyed by advertisements (ibid.).
Kotler and Armstrong (2012, p.417) have also argued that in order to produce desired
response, marketers have to include an appeal or a theme in advertisements. Emotional
appeals undertake the task of evoking emotions that can motivate consumers to purchase
the products or the services of the brand. They are claimed to be effective in getting
attention and creating belief in the brand. The reason behind this is that when consumers
make purchase decisions, they always feel before they think, and the persuasion is
emotional in nature (ibid.).
Previous studies have examined the effects of emotions in terms of valence on
advertising. Geuens and De Pelsmacker (1998) argue that positive emotions evoked by
an advertisement can lead to positive judgements of the advertised content, higher brand
recognition scores as well as purchase intention. Similarly, in the field of viral marketing,
Eckler and Bolls (2011) find that pleasant viral video advertisements elicit positive
attitude both toward the advertisement and toward the brand. Moreover, Berger and
Milkman (2012) find that advertisements that stir up positive emotions are more effective
in driving people to spread them than those stir up negative emotions. One of the possible
reasons behind this is that sharing positive experiences facilitates people to deliver
positive self-impressions (Choi & Toma, 2014).
However, despite the fact that positive emotional appeals engender more benefits than
negative emotional appeals, there are also advertisements that apply negative emotional
appeals. According to (Faseur & Geuens, 2010), negative emotions are often used to
highlight problematic situations and their negative consequences. It may, for example,
arouse the sympathy of potential donors to help people who are in need. Additionally,
Berger and Milkman (2012) find that consumers are more likely to share messages that
10

evoke more anger. They argue that the transmission of emotional content is not only
driven by the valence of the emotion but also by the arousal of it.
According to Smith and Ellsworth (1985), besides the valence dimension, emotions differ
on the level of physiological arousal they evoke. Both anger and sadness are negative
emotions, however, anger is characterized by activation or high arousal, while sadness is
characterized by deactivation or low arousal (Feldman Barrett & Russell, 1998). Morris,
Woo, Geason and Kim (2002, p.8) explain that “arousal/nonarousal constitutes a
physiological continuum connoting a level of physical activity, mental alertness, or
frenzied excitement at one extreme, with inactivity, mental unalertness, or sleep at the
other end”.
Based on the fact that information sharing requires action, Berger and Milkman (2012)
suggest that the arousal of emotions would have impact on social transmission as well as
the virality of the advertised content. The results from their research conducted on New
York Times online articles reveal that content evoking high-arousal emotions has a higher
likelihood of being shared than those evoking low-arousal emotions. In other words, the
virality of the content that elicit high-arousal emotions is higher, regardless of whether
the emotion is positive or negative.
The sharing behavior in viral marketing can be viewed as a proof of consumers’
engagement in the online context. We could therefore reasonably suggest that higharousal emotions would even affect consumer engagement in the form of comments and
likes. Thus, the following hypothesis is proposed:
H2: Brand posts evoking high-arousal emotions create a higher level of consumer
engagement than those evoking low-arousal emotions.
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2.3.3 Source of content
Brand-related user-generated content (UGC) is a way for consumers to show their
engagement toward a brand by coproducing and sharing information and knowledge on
social media (Yu & Zou, 2015). This kind of content refers specifically to posts created
by consumers about a brand (Kim & Lee, 2017).
UGC and electronic Word-of-Mouth (eWOM) are closely related since interesting and
engaging UGC has the power to influence other consumers’ purchasing intentions
(Malthouse, Calder, Kim & Vandenbosch, 2016). UGC can promote or reinforce a
brand’s online community by encouraging the participation of other members (Tafesse &
Wien, 2018).
There are different practices in user-generated branding, which is “the strategic and
operative management of brand related user generated content (UGC) to achieve brand
goals” (Burmann & Arnhold, 2009, cited in Burmann, 2010, p.2). Brands can either
publish their own content or reuse UGC in order to incite consumers to create brandrelated content. When brands repost UGC, they are also acknowledging fans by
mentioning them or tagging them (Tafesse & Wien, 2018), which could improve the
relationships with the brand. Brand-related UGC can be sponsored by the brand or be
organic (Kim & Lee, 2017). Organic brand-related content that is created on the
consumer’s initiative without getting paid can be used to promote their products, which
could be a cost-effective marketing tactic (Geurin & Burch, 2017).
Research on how brands utilize UGC on social media is still scarce (Geurin & Burch,
2017), however Geurin and Burch (2017) have found that UGC can generate more likes
than brand-generated content on a brand’s social media profile. Their findings
specifically applied for sport brands with a differentiation strategy in accordance with
Porter’s (1985, cited in Geurin & Burch, 2017, p.276) generic strategies for competitive
advantages: cost leadership, differentiation and focus. Brands employing a cost
leadership strategy aim to serve the whole sector while being the low-cost provider. With
a differentiation strategy, brands choose to offer a unique product or service different
from other competitors in an industry, often more exclusive and expensive. Finally, the
focus strategy could be interpreted as a brand directing their product toward a niche
market (ibid.).
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Geurin and Burch (2017) suggest that UGC may receive more likes due to the high quality
and attractive images of the UGC. Comments have not been found to be significantly
affected by UGC. However, they have found that UGC with a clear focus on the brand or
the product leads to more comments than UGC with a subtle brand or product focus.
Based on these findings, we propose the following hypothesis:
H3: Brand-related user-generated content leads to a higher level of consumer
engagement than brand-generated content.
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2.3.4 Vividness of content
Besides the previously discussed factors that could have an impact on the popularity of
brand posts, the vividness of the content has also been emphasized to be one of the
determinant characteristics that would affect consumer engagement with brands on social
media (De Vries, Gensler & Leeflang, 2012; Schultz, 2017). According to Steuer (1992,
p.80), vividness “refers to the ability of a technology to produce a sensorially rich
mediated environment”, which in the context of social media could be conceptualized as
the extent to which brand posts stimulate various senses (De Vries, Gensler & Leeflang,
2012).
In the study of Coyle and Thorson (2001) on how to create a successful online brand
presence, the researchers pointed out that creating sensorially rich content would help a
website to be vivid and thereby facilitate the viewers’ experience. Their findings show
that a website with higher degree of vividness is more likely to succeed in enhancing a
viewer’s attitude toward it.
Similar results have been found by Fortin and Dholakia (2005) in their study on
interactivity and vividness effects in web-based advertising. They tested vividness effects
on three dimensions of an advertisement: social presence, arousal and involvement.
Social presence refers to the extent to which people are aware of the existence of others
in a communication interaction (Short, Williams, Christie, 1976, cited in Fortin &
Dholakia, 2005, p.390). Arousal is a psychological term which in this context refers to as
“phasic activation, a short-term reaction of enhanced energy that increases the overall
cortical processing of information” (Kroeber-Riel, 1979, cited in Fortin & Dholakia,
2005, p.390). The results indicate that vividness has positive impact on social presence,
arousal and involvement. Content with enhanced vividness is more effective in generating
favorable impact (Fortin & Dholakia, 2005).
The vividness of online content can also be referred to as media richness, it reflects a
brand post's formal features (Luarn, Lin & Chiu, 2015; De Vries, Gensler & Leeflang,
2012). Different levels of media richness are represented by different media types, such
as text, pictures and videos (Schultz, 2017), and these different types lead to various
capacity for immediate feedback (Sabate et al., 2014). Brand posts with high media
richness will positively affect consumer engagement (Coursaris, Van Osch & Balogh,
2016).
14

De Vries, Gensler and Leeflang (2012) have also suggested that vividness should be taken
into consideration when brands make efforts to enhance the salience of their posts. The
various senses stimulated by the vividness of a brand post may increase the potential for
consumers to engage with the brand (Sabate et al., 2014). Moreover, vividness contributes
to the increase of click-through rate, which is a commonly used measure of success in
online advertising (Lothia, Donthu & Hershberger, 2003).
According to Sabate et al. (2014), vividness of a brand post can be achieved by the
inclusion of videos, contrasting colors, pictures and links. De Vries, Gensler and Leeflang
(2012) suggest that videos entail a higher degree of vividness than images due to that
besides sight, videos could stimulate hearing as well. Furthermore, Luarn, Lin and Chiu
(2015) have also argued that video messages are more vivid. They pointed out that videos
contain richer information about brands and its products. In addition, the findings of
Sabate et al. (2014) indicate that video based posts positively influence the popularity of
a brand post in the form of number of likes.
There are studies reporting that multimedia content is more powerful in affecting
consumers’ attitudes than text-only content as a result of its two unique characteristics:
rich languages and complementary cues (Simon, S. & Peppas, 2004; Lim, Benbasat &
Ward, 2000). However, considering the specific feature of Instagram that users are not
able to post text-only content, it is therefore relevant to discover the two present forms of
content, namely videos and images. Based on the theories of vividness’ impact in
advertising, the following hypothesis is proposed:
H4: Brand posts with videos lead to a higher level of consumer engagement than
posts with images.

15

2.3.5 Posting time
People may follow quite a few personal and brands accounts on social media, and
Instagram is no exception. This means that their news feed will be constantly filled with
content posted by various accounts. Kumar, Ande and Singh (2018) state that content
creators on social media are always seeking to reach a broader range of audience and
receive their reactions in the form of likes, comments, shares, etc. They argue that the
visibility of a brand post affects the audience reactions and that posting time is considered
to be one of the influencing factors in visibility. Thus, it can be interpreted as posting
time has impact on brand post popularity (ibid.).
According to the report of Buddy Media Inc. (2011, cited in Sabate et al., 2014, p.1003),
the vast majority of brand posts are published on weekdays, namely Monday to Friday.
Rutz and Bucklin (2011) point out in their study of Internet search that branded search
activity is higher on weekdays than on weekends. Similarly, the findings in the study of
Golder, Wilkinson and Huberman (2007) on user activity on Facebook indicate that there
is a tendency of decreasing user activity over the weekend.
It has been found that weekdays can be an influencing factor in increasing the number of
comments (Cvijikj & Michahelles, 2013). Moreover, considering that brand posting time
and user active time are highly overlapping on weekdays, it could be assumed that the
possibility for a brand post to be viewed by the consumers is higher than on weekends.
This would further increase the likelihood for brand posts to be liked and commented.
These leads to the following hypothesis:
H5: Brand posts published on weekdays lead to a higher level of consumer
engagement than those published on weekends.
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2.3.6 Presence of hashtags
The hashtag was created in 2007 and has its root in the social networking platform Twitter
(Scott, 2018). A hashtag consists of particular words or phrases with a hash symbol “#”
in front of them. The function enables the users to track the related content and updates
that were tagged in the same way by simply clicking on the hashtag (ibid.). Currently,
hashtags are not confined to its original platform Twitter any more, other popular social
networking sites such as Instagram and Facebook have also enabled the function on their
platforms (Stathopoulou, Borel, Christodoulides & West, 2017).
Convenient content tracking is not the only benefit of hashtags. As Xu, Li, Zhang, Wang
and He have stated (2018), hashtags facilitate to express the context information of a post
more explicitly. In addition, the expressiveness of different topics can be enriched with
the help of hashtags (ibid.). Another example of the advantages of hashtags is that they
are able to make topics, issues and events quickly discoverable by a broader range of
users on the platform (Salazar, 2017). These specific features partially constitute the
factors that have led hashtags to become a marketing tool for brands on social media
(Shin, Chae & Ko, 2018).
Pervin, Phan, Datta, Takeda and Toriumi (2015) argue that hashtags would increase the
reachability of a brand post to manifolds, which consequently may develop a wider
market for brands. With hashtags, brands will be able to achieve more awareness and
interest from consumers (Shin, Chae & Ko, 2018). Positive reactions to a brand post, such
as likes and re-hashtags, do not only have impact on attracting consumers’ attention, but
also stimulating their curiosity for upcoming products, which would further increase
eWOM and popularity (ibid.).
In the study of Lee and Ma (2012) on sharing intention in social media, they found that
prior social media sharing experience would positively affect users’ intention of sharing
content online. Stathopoulou et al. (2017) argue that, in the same way, consumers’ greater
willingness to engage with a brand through hashtags will increase their intention of
sharing the brand’s advertisements on different social media platforms. Hashtags can be
considered to have implicitly encouraged consumers to engage with the brand and
promote it as well (ibid.).
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It has been revealed that the presence of hashtags will have discrepancies in influencing
consumers’ attitude toward advertising (Shin, Chae & Ko, 2018). Advertisements with
hashtags will arouse positive attitude to them. The inclusion of hashtags has also been
found to be positively associated with retweerability (Liang & Fu, 2015; Suh, Hong,
Pirolli & Chi, 2010), which in other words can be interpreted as brands posts with
hashtags will generate more shares. Considering that shares is one of the indicators of
consumer engagement on social media (Syrdal & Briggs, 2018), we propose the
following hypothesis:
H6: Brand posts that contains hashtags create a higher level of consumer
engagement than those do not contain hashtags.
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2.4 Conceptual framework
Based on the explained concepts and the hypotheses proposed from the theories, we
develop the following conceptual framework (Figure 1). This model illustrates the six
hypotheses related to consumer engagement in terms of likes and comments.

Content type
H1
Emotions

H2

Source of content

H3
H4

Vividness of content

H5
H6

Posting time
Presence of hashtags

Figure 1. Conceptual framework of the study
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Consumer
engagement
(Likes & Comments)

3. Methodology
The following chapter presents the methodology used in the study. The authors’ choices
related to the method are explained and motivated in accordance to the study’s purpose
and research question. Considerations about the study’s quality, ethics and source
criticism are also discussed.

3.1 Research philosophy
According to Bryman and Bell (2011), it is important to take epistemological and
ontological considerations when conducting business research. The authors explain that
epistemology concerns the researcher’s position to knowledge in a study, while ontology
refers to how social entities are defined.
Bryman and Bell (2011) identify three positions to knowledge: positivism, realism and
interpretivism. Positivism is based on the belief that only science and laws can explain
social reality (Waliaula, 2019), which is why positivists researchers use natural science
methods to study social reality (Bryman & Bell, 2011). Adopting a positivist position
further implies that knowledge is based on phenomena by conducting a study from an
objective point of view. This doctrine is frequently put in contrast to interpretivism, which
requires an understanding of the subjective meaning of social action, by for example
focusing on individuals’ interpretation of reality (ibid.).
Since the study is based on testing previous theories in the most neutral and objective
manner possible, adopting a positivist epistemology was deemed the most suitable.
Indeed, positivism is associated to deductive studies, in which theory supports the
generation of hypotheses with the aim to test them (Bryman & Bell, 2011). Although
some interpretation was needed in the content analysis, efforts to maximize objectivity
were made.
According to Bryman and Bell (2011), the nature of social entities (ontology) can be
viewed as objectivist or constructionist. Researchers adopting objectivism view social
entities as objective and having a reality independent of other actors, while
constructionists view social entities as social constructions influenced by the perceptions
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and the actions of social actors. Bryman and Bell (2011) explain that an objectivist
ontology is closely related to quantitative studies employing a positivist epistemology
and a deductive approach to theory. Since this study does not aim to interpret the
meanings individuals attach to reality and aims to stay objective, an objective position
was chosen to conduct the research.

3.2 Research strategy and approach
In social research a research strategy determines how the execution of the study is
oriented, which is an important aspect to consider. A research strategy is either
quantitative or qualitative (Johannessen & Tufte, 2003).
As stated previously, positivism and objectivism are frequently associated with
quantitative studies (Bryman & Bell, 2011). Quantitative research has an orientation
toward quantifying data in the collection and the analysis, whereas qualitative research
focuses on words and statements (Johannessen & Tufte, 2003). Qualitative research is
frequently associated with the generation of theories, a position towards the meaning
individuals attach to reality and a view of social reality as constantly modified by others
individuals (Bryman & Bell, 2011).
From a social research perspective, there are two main approaches to conducting a study:
inductive and deductive approach (Jacobsen, 2002). The research approach determines
the link between theory and research (Bryman & Bell, 2011). The deductive approach
implies that researchers use theory related to a domain to formulate hypotheses to be
tested. On the other hand, in a study adopting an inductive approach, theory is the
outcome of the study. The findings and observations from the data allow the researchers
to draw conclusions and generate theories in the given field (Bryman & Bell, 2011).
In order to define what content is the most effective in generating consumer engagement,
this study will be based on testing the positive relationship between specific dimensions
of content with engagement measures. Therefore, a quantitative strategy and a deductive
approach are adopted. A qualitative strategy would have been chosen if the focus of the
study was on words and meanings behind consumers’ expressions on social media. This
would have further implied that the study would be of inductive nature and based on
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interpretivism and constructionism. However, this type of strategy and approach does not
fit with the purpose of the study, as it does not seek to define the perceptions of social
actors by analyzing words. Instead, objective measures are used to answer the research
question.

3.3 Research design
Research design serves the role as a framework in conducting research, which facilitates
the collection and analysis of data (Bryman & Bell, 2011). The choice of research design
reflects the prioritized dimensions of the research process that are determined by the
researchers. There are five prominent research designs that differs in terms of data
collection and research purpose, which are experimental design, cross-sectional design,
longitudinal design, case study design and comparative design (ibid.).
This study adopts a cross-sectional design, which, according to Bryman and Bell (2011,
p.53), entails the data collection on several cases at a specific time. Cross-sectional design
enables researchers to obtain quantitative data where different variables will be examined
in order to detect patterns of association (ibid.). The motivation to the choice of crosssectional design is that the authors would like to collect information-rich data from the
objects being studied, namely brand posts on Instagram. Furthermore, the characteristics
of a cross-sectional design is suitable for the purpose of the study, which is to investigate
the content of a brand post in relation to consumer engagement. Additionally, the data
has been collected from several brands at a single point of time.

3.3.1 Research method
Bryman and Bell (2001) argue that research methods can be associated with different
types of research designs. In cross-sectional studies, in addition to social surveys,
methods such as structured observation, content analysis, official statistics and diaries are
also commonly used (ibid.).
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This study chooses to employ the content analysis research method. According to Bryman
and Bell (2011, p.289), content analysis is “an approach to the analysis of documents and
texts (which may be printed or visual) that seeks to quantify content in terms of
predetermined categories and in a systematic and replicable manner”. Moreover, they
argue in the process of doing a content analysis, that coding is an important and the most
distinctive stage (ibid.). In this study, the raw material will be firstly gathered from the
existing brand posts of the selected companies on Instagram, and then coded into different
dimension categories that are specified by the authors with respect to previous theories.
In other words, the authors evaluate the texts and convert the qualitative data into
quantitative data, which is in line with the aim of content analysis.

3.4 Data collection
3.4.1 Selection and sampling
In order to explore what should be taken in account when brands publish content on social
media, a total of eight global brands in the fast food and beverage industry were selected.
When selecting the brands to collect posts from, a specific sector was chosen in order to
reduce the influence of the sector on the results. Although a selection of top brands across
industries would have provided generalizable results, it was believed that it might reduce
the appearance of patterns in the results.
Although the results may only be applicable to similar companies with similar sizes, the
findings could still be useful as the dimensions used to categorize the posts can be
employed for other brands. The fast food and beverage industry, which includes
restaurants or cafés that serve food and non-alcoholic drinks quickly, was selected since
the posts vary more in the type of content than other industries such as fashion and
electronics. For example, Samsung Mobile and Apple’s Instagram accounts only present
photos taken by consumers with their devices.
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After selecting the fast food and beverage sector, global brand accounts have been chosen
since the content provided is in English, which implies that the audience is larger. Brands
were defined as global if they exist in more than 20 countries based on the information
on the brand official websites. Additionally, it was decided that Instagram profiles that
are either global or based in the United States would be selected since they do not indicate
any belonging to a specific region by using a country name in their username (“@kfc”
versus “@kfcsverige”) or description. Among the initially chosen brands, Domino’s was
excluded since the posts had a high degree of similarities and McDonald’s was not taken
in account because many of their posts had been deleted, which would result in only five
available posts to code from McDonald’s. This process resulted in a list eight brands
(Table 1).
Posts published during a period of three months between January 2019 and March 2019
were sampled with the consideration that it would illustrate the current trends on social
media. Moreover, these months cover festivities such as New Year, Valentine’s Day and
Women’s Day.

Table 1. List of selected brand pages
Brand and username (@)

Number of coded posts

Number of followers

Burger King
@burgerking

24

1 670 928

The Coffee Bean & Tea Leaf
@thecoffeebean

73

86 763

Dunkin’ Donuts
@dunkin

34

1 569 976

KFC
@kfc

21

1 433 857

Pizza Hut
@pizzahut

41

1 563 694

Starbucks
@starbucks

26

17 595 356

Subway
@subway

35

1 086 273

Taco Bell
@tacobell

24

1 294 023
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3.4.2 Coding procedure
In this study, consumer engagement, the dependent variable (DV), was determined to be
the sum of number of likes and comments that a brand post obtains. This was done by
manually recording the numbers of each post in an Excel document, and summing the
numbers with the SUM function.
The coding of independent variables (IV) can be divided into two parts. Content type and
emotions required the authors’ interpretation of the content of a brand post, while the rest
of the dimensions could be identified directly by looking at the post. In order to categorize
the content types, the authors took the coding classification of Tafesse & Wien (2018) as
reference. As for the categorization of emotions, the authors were inspired from Berger
and Milkman (2012). Table 2 shows the criteria that have been used to code the posts.
In order to raise the reliability and accuracy of the coded data of content types and
emotions, the authors categorized the posts alone initially. The results of categorization
were compared to see if there were discrepancies. After coding alone, the authors had
disagreement on 11 posts regarding content type and 17 posts regarding emotions, which
respectively corresponded to 3,8% and 5,9% of the whole dataset. Coded data with
discrepancies was discussed thoroughly which led to the final agreement on the
categorization.
Among the remaining dimensions, the categorization of the content source needed more
attention than the others. This was because user-generated content was not always
clarified with words, rather only with a tag of the user. The tagged user(s) in a brand post
were sometimes people who collaborated with the brand. Therefore, the authors had
tracked the content by exploring the user’s Instagram page in order to make sure that the
content was user-generated.
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Table 2. Coding classification
Dimensions (IV)
Content type Informational

Description
- Posts that highlight the functional attributes of brand's
products or services
- Posts that aim to teach consumers with new skills related to
brand's products or services
- Posts that help consumers to discover new information about
broader industry
Interactional
- Posts that capture active talking points, such as cultural
events, holidays and anniversaries
- Posts that focus on consumers’ personal relationships and aim
to initiate deeply personal conversations with consumers
- Posts that enhance the a sense of online community of the
brand
- Posts that encourage consumers to review and give feedback
on the brand
Transformational - Posts that use emotional language to evoke consumers'
emotions
- Posts that lift the brand’s core identity, such as brand
personality and brand image
- Posts that highlight the sensory qualities of the brand by using
sensory stimulation or physical stimulation cues
- Posts that stress social issues and brand's engagement in them

Emotions

High-arousal
Low-arousal

Source

UGC
Non-UGC
Vividness
Image
Video
Posting time Weekday
Weekend
Hashtags
With
Without
Consumer engagement (DV)
Likes
Comments
Total

Posts that evoke high-arousal emotions such as happiness, love,
awe, anger, fear and anxiety
Posts that evoke low-arousal emotions such as sadness, calm,
boredom, relaxation
Content of a brand post is generated by a user
Content of a brand post is created by the brand
Posts that are published with image(s)
Posts that are published with a video
Posts that are published between Monday and Friday
Posts that are published on Saturdays and Sundays
Posts with hashtag(s)
Posts without hashtag(s)
Number of likes of a post
Number of comments of a post
Sum of likes and comments

The following figures (Figure 2 & 3) illustrate the coding procedure with a practical
example. With consideration of privacy, the usernames appear in the figure have been
masked.
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The content type of this post is defined as interactional since it focuses on the consumers’
personal relationships. Moreover, low-arousal emotion is evoked by looking at the post
as a whole, which is due to that it arouses relaxed feelings. In the description of the post,
it is clearly stated that it is a repost, and the user is tagged by the brand, indicating that
the content is user-generated. As for the hashtags and the vividness, they can be discerned
directly from the post. Additionally, the post was posted on a weekday, since the 17th of
January was a Thursday. The consumer engagement created by this post is 6785.
Content type
(Interactional)
Emotions
(Low-arousal)

Source
(User-generated)

Hashtags
(With hashtag)

Vividness
(Image)

Posting time
(Weekday)

Figure 2. Instagram post coding

Consumer
engagement
(Likes & Comments)

Figure 3. Measurement of consumer engagement
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3.5 Data analysis
The analysis of quantitative data can be done in different ways, but it is not possible to
apply any technique to any variable, which is why it is important to define the variables
to measure from the beginning (Bryman & Bell, 2011). In this study, the dependent
variable is the sum of brand post likes and comments, which reflects consumer
engagement. The independent variables are the different dimensions developed in the
theoretical framework: content type, level of emotions, source of the content, vividness
(media type), posting time and the presence of hashtags.
Based on the data collected from the content analysis, analyses on IBM SPSS software
have been executed. Before the analysis procedure, recoding the data into numbers was
done in order to make analyses possible on the program. The absence of outliers is
necessary in order to carry out a One-Way Analysis of Variance (ANOVA), which was
ensured by detecting them through an exploratory analysis of the data with a box plot.
This resulted in the deletion of 19 posts, which implies that the original sample of 287
brand posts became 268 brand posts. Among the outliers, some brands generated
exceptionally higher levels of engagement on some posts than their usual engagement
level, this could have been influenced by the brand sponsoring the post.
Moreover, a normal distribution of the dependent variable is necessary to conduct
ANOVA tests, which is not the case in this study. Indeed, Starbucks has much higher
consumer engagement levels and Coffee Bean has much lower consumer engagement
levels than the other brands. Since these discrepancies have a high risk to skew the results,
a normal distribution was ensured with the two-step approach, as introduced by
Templeton (2011). The results on the normally distributed values show a population of
267 posts instead of 268, this is because the two-step transformation replaces zeros with
a missing value in order to reduce the frequency of zeros (ibid.). Additionally, the impact
of brands on the results has been eradicated by separately standardizing the engagement
measures by brand with z-scores.
First, a cross-table was generated with the purpose to capture a descriptive overview of
the raw data. In order to show the differences between the brands, an ANOVA was done
on the normally distributed and non-standardized engagement values. Finally, ANOVA
tests were executed on the normally distributed and standardized data in order to examine
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how the subcategories of the dimensions affect consumer engagement. An ANOVA
compares the means of the dependent variable with the independent variables as factors.
In the hypothesis testing results, the standardized variables are shown, hence the
engagement means with low values.
In order to support the hypotheses, statistical significance in the results is necessary.
Statistical significance shows how confident researchers can be in the generalizability of
the results to the population from which the sample was drawn (Bryman & Bell, 2011).
When executing tests of statistical significance, researchers need to define their levels of
statistical significance (or confidence levels) which expresses how probable it is that the
hypothesis has been supported when it should have been being rejected (ibid.).
According to Bryman and Bell (2011), a maximum level of acceptable statistical
significance of p > 0,05 is the common rule for most business researchers. This indicates
that there is less than 5% of probability that the sample shows a relationship between two
variables when there is none in the population (ibid.). The p-value (significance level)
determines whether a subcategory has a significant impact on the sum of likes and
comments. A significance level below 0,05 implies that the results are statistically
significant and can be supported. Oppositely, a significance level above 0,05 indicates no
statistical support for the results, in other words, nothing can be proven from the results.
A hypothesis can be supported if the results from the ANOVA match the expectations
related to it with a significance level below 0,05.

3.6 Research quality
In order to ensure high quality of this study, it is necessary to take different criteria for
the evaluation of business and management research into consideration. Bryman and Bell
(2011) argue that in the assessment of the quality of quantitative studies, validity and
reliability are the two mainly used criteria.
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3.6.1 Validity
Validity refers to the extent to which a measurement tool or means can accurately measure
what researchers wish to measure (Cooper & Schindler, 2014). The three major forms in
validity are content validity, criterion-related validity and construct validity (ibid.).
Content validity refers to whether a measuring instrument has measured the content that
should be measured, in other words, the extent to which it provides adequate coverage of
the investigative questions that guide the research (Cooper & Schindler, 2014). In this
study, the authors aim to explore what content create more consumer engagement on
Instagram for brands. In order to find the answer, the authors define six dimensions of a
brand post based on previous theories, which can be considered to have adequately
covered the content that ought to be tested. Therefore, the measuring instrument can be
said to have good content validity.
Criterion-related validity has to do with the success of measures that are used to predict
an outcome or estimate something existing (Cooper & Schindler, 2014). A criterion
should have a high degree of stability and effectively reflect the objectives of the test.
Moreover, a criterion ought to be able be measured objectively and expressed by data or
grade. Lastly, the availability of the information specified by the criterion should be high,
meaning that the method of the criterion measurement should be economical and practical
(ibid.). In this study, the dimensions of brand posts that have been used to test the valence
of content are generated from previous research, which indicates a high degree of
stability. Furthermore, the dimensions can be expressed by data, for example, whether a
post is published with an image or a video, and these are easily accessed. Thus, the
criterion-related validity is acceptable.
Construct validity refers to the degree to which a test or an empirical measure can
effectively measure the constructs that it was designed to measure (Cooper & Schindler,
2014). In this study, in order to investigate what content is more attractive regarding
consumer engagement, six hypotheses have been tested. Each hypothesis corresponds a
dimension that is associated with the content of brand posts, and each dimension contains
two to three subcategories. Therefore, by testing the hypothesis with an ANOVA test, it
can be expected to see what dimensions of content are more effective in creating
consumer engagement. The results are related to the theoretical framework. It can be
therefore argued that the measures are of satisfying construct validity.
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3.6.2 Reliability
According to Cooper and Schindler (2014), reliability is concerned with the accuracy and
precision of a measurement procedure. There are three aspects can be taken into
consideration when evaluate the reliability of a quantitative research, which are stability,
equivalence and internal consistency. Depending on the time and condition of
measurements, different aspects can be chosen to estimate the reliability (ibid.). This
study is conducted with the content analysis method where the content of brand posts is
varied. The internal consistency will be excluded in the evaluation of the reliability, since
there are not many similar questions as that in, for example, survey research (ibid.).
Stability refers to the degree of consistency of the results obtained by testing the same
group of subjects twice or more times (Cooper & Schindler, 2014). The measure of a
quantitative research can be said stable if it secures consistent results with repeated
measurements (ibid.). Cooper and Schindler (2014) suggest that when evaluating the
stability, time delay between measurements could be one of the influencing factors.
Consumers’ activities on social media are dynamic, which can lead to constant situation
changes. However, the data that has been collected in this study is from an earlier period,
indicating that the number of likes and comments are quite stable. Moreover, with content
analysis, the collected data is secondary data, meaning that the data is available and static
as long as the content creators do not delete it. This indicates that consistent results would
be obtained with repeated tests. Therefore, the measure can be said to possess stability.
Cooper and Schindler (2014) mean that equivalence can be influenced by the amount of
errors that are introduced by different samples of items of being studied. It is associated
with variations among samples of examined items at one point in time. The equivalence
of a measurement can be reflected by the extent to which the results of a sample vary
from the results of a very similar sample (ibid). In this study, by doing content analysis,
the authors are not able to create brands posts by themselves in order to obtain a similar
sample. It is therefore difficult to access a similar sample in order to test the equivalence.
However, Cooper and Schindler (2014) introduce a second way to address this aspect,
namely interrater reliability. It refers to the degree of consistency of scores given by
multiple raters to the same group of subjects (ibid.).
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During the coding procedure for the first two dimensions that required the authors’
interpretation, namely content type and emotions, the authors initially coded the posts
separately. This led to that discrepancies were found in categorization for 11 posts
regarding content type and 17 posts regarding emotions, which accounted for a small
proportion of the whole dataset. Thereafter, all the discrepancies were discussed
thoroughly and the authors reached a consensus on the categorization of the dimensions
eventually. Thus, the contingency degree of their interpretation of the data can be
considered to be high. This further can be regarded as a high interrater reliability, which
indicates a good equivalence.

3.7 Ethical considerations
Conducting business research also involves some ethical considerations, Bryman and Bell
(2011) map four ethical issues related to social research: harm to participants, lack of
informed consent, invasion of privacy, and deception. However, since this study is based
on data online, the ethical issues are different from studies in which data is collected
through interviews or surveys.
According to Townsend and Wallace (2016), it is necessary to know that data is public
in order to conduct social media research. For example, access to information that
requires an account or a password is considered private. On the contrary, publicly
available data is information that anyone can have access to without having an account
on the platform. The data collected in this study is publicly available because it does not
require signing in to access it. Although the Instagram home page presents a sign-in page
without any search function, the company profile pages are easily found in a search
engine or through their official website.
Informed consent is also a common issue in traditional research, however, the
implications in social media research are different. It can be problematic to gather the
consent of all users if the data contains thousands of participants (Townsend & Wallace,
2016). Although informed consent is a requirement in conventional methods such as
interviews and questionnaires, it is only deemed necessary if users expect the data to be
private.
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Anonymity and risk of harm are other concerns researchers can have when analyzing
content online. Townsend and Wallace (2016) argue anonymity should be prioritized if
the participants are children, if the information collected is sensitive and may cause risk
or harm to users. However, anonymity can be difficult to maintain since search engines
can allow the data to be tracked back to its author (ibid.). In cases when the purpose of
sharing data is mass visibility (for example public figures or organizations), there might
not be any risk of harm (Townsend & Wallace, 2016).
Since this study gathers data that companies willingly share to the public in a marketing
context (non-sensitive data), it is reasonable to assume that collecting this data is not
putting them at risk of harm. Therefore, issues of anonymity and risk of harm are reduced.
Townsend and Wallace (2016) add that the data is safe to share if it is not sensitive and
if it is not possible to identify individuals, which is the case in this study. Furthermore,
the terms of use on Instagram only state that collecting information in an automated
manner without their expressed permission is forbidden (Instagram, 2019c). Since the
data was manually collected without the usage of a web scraping tool, it cannot be
considered as automated. It is also stated that any “public information” users share on
Instagram have the possibility to be seen, accessed, reshared and downloaded by anyone
(Instagram, 2019a).

3.8 Source criticism
According to Rienecker, Jörgensen and Hedelund (2014), when reviewing and assessing
the reliability of different sources that have been used in a study, there are several aspects
that can be taken into account, such as the reliability of the source, the author’s authority
on the subject, and the subject-specific status of the source.
In this study, the main sources that have been used are research papers, books and some
electronic resources. The theories that have been used to illustrate the issues and develop
the hypotheses are mainly taken from various research papers that are published in
academic journals, such as Journal of Consumer Marketing, Journal of Marketing
Management and International Journal of Advertising. Moreover, these articles are
accessed from different reliable databases, such as Emeraldinsight, SAGE and
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ScienceDirect, via the library of Linköping University. This would indicate that the
sources are of high quality.
According to Saunders, Lewis and Thornhill (2012), some books are aimed at academic
market, meaning that there is a theoretical slant in the book and some are aimed at
practicing professionals. Both kinds of books have been used in this study in order to, for
example, complete a theory or serve as a guide in the thesis work. However, Saunders,
Lewis and Thornhill (2012) argue that books may contain out-of-date material by the time
they are published. In this study, theories that are taken from books that are published for
many years ago are still applicable today compared with present research. Therefore, the
books resources can be considered to retain reliability as well.
There are also electronic sources, such as websites, that have been used, mainly in the
introduction. They are used to provide some background information and definitions of
some common concepts. Some of the websites are not official websites, which could be
assumed to reduce the quality of the sources. However, considering the fact that the
information that is collected from these websites does not have much impact on the
research subject of this paper, the overall quality of the study would remain a high quality.
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4. Results
In this chapter, the statistical results of the collected data from the content analysis are
presented. It is initiated by the descriptive statistics of the data, followed by the testing
results of the hypotheses from SPSS demonstrated with ANOVA tables.

4.1 Descriptive statistics
Totally, there are 268 posts from eight international fast food and beverage brands that
have been analyzed. The cross-tabulation table (Table 3) gives an overview of the brand
posts frequencies associated with the six different dimensions.
In this sample, it can be told from the results that there are more posts with interactional
content (36,6%) that have been published compared with the other two types of content.
When it comes to the emotional perspective, the distribution of high-arousal and lowarousal emotional posts is relatively even with 48,9% and 51,1%, respectively. Unlike
the distribution of high- and low-arousal emotional posts, there are very large differences
between the sources of content. Eighty-two point five percent of the content of the posts
is brand-generated whereas user-generated content is only 17,5%.
Similarly, great percentage differences have been found within the groups of the
vividness dimension. Brands seem to prefer publishing image posts (85,1%) to publishing
video posts (14,9%). As for the posting time, 83,6% of the posts have been published on
weekdays and only 16,4% are published on weekends. Lastly, the results demonstrate
that using hashtags in posts has not become a preference for all the brands, since only
26,1% of brand posts are with hashtags.
In addition to the overall distribution of brand posts with respect to the different
dimensions, a further step will be taken to discover posting patterns of the selected brands
in the sample.
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For the source of content, vividness of content and posting time, there are no differences
among these brands, since it shows the same preference regarding these dimensions.
What differs most is the type of content that brands choose to publish, transformational
posts appear to have a higher popularity. This can be seen from the Table 3, Dunkin’
Donuts, Starbucks, Subway and Taco Bell all have published more posts with
transformational content. Burger King and KFC prefer publishing informational posts
while Coffee Bean and Pizza Hut prefer publishing interactional posts.
Among the selected brands, Dunkin’ Donuts, KFC and Pizza Hut are more willing to
create content that evoke high-arousal emotions, whilst the others tend to produce lowarousal emotional content. As for the use of hashtags, Pizza Hut has the strongest
inclination (66,7%) to add hashtags in their posts compared with the other brands.
Moreover, even though the majority of Starbucks’ posts are published without hashtags,
the distribution between posts with- and without hashtags (48% vs 52%) indicates that
they have a relatively higher adoption rate of hashtags as well. The posts of the other
brands do not usually contain hashtags.
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Total

Brand

% within Brand

Count

% of Total

% within Brand

Count

% of Total

% within Brand

Taco Bell

Subway

Starbucks

Pizza Hut

KFC

27,6%

27,6%

% of Total

74

2,6%

30,4%

7

3,4%

25,7%

9

2,6%

28,0%

% within Brand

Count

% of Total

% within Brand

Count

% of Total

% within Brand

Count

% of Total

% within Brand

7

0,4%

% of Total

Count

2,6%

1

3,4%

42,9%

9

2,6%

20,6%

7

7,5%

29,4%

20

5,2%

60,9%

14

0

36,6%

36,6%

98

1,9%

21,7%

5

4,1%

31,4%

11

3,0%

32,0%

8

10,4%

71,8%

28

2,2%

28,6%

6

4,9%

38,2%

13

10,1%

39,7%

27

0,0%

0,0%

Inter

Content type

% within Brand

Count

% of Total

% within Brand

Count

Dunkin' Donuts % of Total

Coffee Bean

Burger King

Count

Infor
9

35,8%

35,8%

96

4,1%

47,8%

11

5,6%

42,9%

15

3,7%

40,0%

10

3,7%

25,6%

10

2,2%

28,6%

6

5,2%

41,2%

14

7,8%

30,9%

21

3,4%

39,1%

Trans
23

100,0%

100,0%

268

8,6%

100,0%

23

13,1%

100,0%

35

9,3%

100,0%

25

14,6%

100,0%

39

7,8%

100,0%

21

12,7%

100,0%

34

25,4%

100,0%

68

8,6%

100,0%

Total

Table 3. Overview of brand posts frequencies

48,9%

48,9%

131

3,0%

34,8%

8

6,3%

48,6%

17

1,5%

16,0%

4

7,8%

53,8%

21

4,5%

57,1%

12

10,1%

79,4%

27

11,9%

47,1%

32

3,7%

43,5%

10

13

51,1%

51,1%

137

5,6%

65,2%

15

6,7%

51,4%

18

7,8%

84,0%

21

6,7%

46,2%

18

3,4%

42,9%

9

2,6%

20,6%

7

13,4%

52,9%

36

4,9%

56,5%

Low

Emotions
High
23

100,0%

100,0%

268

8,6%

100,0%

23

13,1%

100,0%

35

9,3%

100,0%

25

14,6%

100,0%

39

7,8%

100,0%

21

12,7%

100,0%

34

25,4%

100,0%

68

8,6%

100,0%

Total
0

17,5%

17,5%

47

0,4%

4,3%

1

0,0%

0,0%

0

1,9%

20,0%

5

4,9%

33,3%

13

1,1%

14,3%

3

2,2%

17,6%

6

7,1%

27,9%

19

0,0%

0,0%

UGC

82,5%

82,5%

221

8,2%

95,7%

22

13,1%

100,0%

35

7,5%

80,0%

20

9,7%

66,7%

26

6,7%

85,7%

18

10,4%

82,4%

28

18,3%

72,1%

49

8,6%

100,0%

23

Non-UGC

Source

23

100,0%

100,0%

268

8,6%

100,0%

23

13,1%

100,0%

35

9,3%

100,0%

25

14,6%

100,0%

39

7,8%

100,0%

21

12,7%

100,0%

34

25,4%

100,0%

68

8,6%

100,0%

Total

Brand * Dimension Crosstabulation

85,1%

85,1%

228

8,6%

100,0%

23

13,1%

100,0%

35

7,5%

80,0%

20

14,2%

97,4%

38

5,6%

71,4%

15

7,1%

55,9%

19

20,5%

80,9%

55

8,6%

100,0%

23

0

14,9%

14,9%

40

0,0%

0,0%

0

0,0%

0,0%

0

1,9%

20,0%

5

0,4%

2,6%

1

2,2%

28,6%

6

5,6%

44,1%

15

4,9%

19,1%

13

0,0%

0,0%

Video

Vividness
Image
23

100,0%

100,0%

268

8,6%

100,0%

23

13,1%

100,0%

35

9,3%

100,0%

25

14,6%

100,0%

39

7,8%

100,0%

21

12,7%

100,0%

34

25,4%

100,0%

68

8,6%

100,0%

Total

Posting Time

83,6%

83,6%

224

7,1%

82,6%

19

11,2%

85,7%

30

9,0%

96,0%

24

11,9%

82,1%

32

6,7%

85,7%

18

9,0%

70,6%

24

20,1%

79,4%

54

8,6%

100,0%

23

16,4%

16,4%

44

1,5%

17,4%

4

1,9%

14,3%

5

0,4%

4,0%

1

2,6%

17,9%

7

1,1%

14,3%

3

3,7%

29,4%

10

5,2%

20,6%

14

0,0%

0,0%

0

Weekday Weekend
23

100,0%

100,0%

268

8,6%

100,0%

23

13,1%

100,0%

35

9,3%

100,0%

25

14,6%

100,0%

39

7,8%

100,0%

21

12,7%

100,0%

34

25,4%

100,0%

68

8,6%

100,0%

Total

26,1%

26,1%

70

2,6%

30,4%

7

4,1%

31,4%

11

4,5%

48,0%

12

9,7%

66,7%

26

0,7%

9,5%

2

4,1%

32,4%

11

0,0%

0,0%

0

0,4%

4,3%

1

22

73,9%

73,9%

198

6,0%

69,6%

16

9,0%

68,6%

24

4,9%

52,0%

13

4,9%

33,3%

13

7,1%

90,5%

19

8,6%

67,6%

23

25,4%

100,0%

68

8,2%

95,7%

No

Hashtags
Yes

23

100,0%

100,0%

268

8,6%

100,0%

23

13,1%

100,0%

35

9,3%

100,0%

25

14,6%

100,0%

39

7,8%

100,0%

21

12,7%

100,0%

34

25,4%

100,0%

68

8,6%

100,0%

Total

The descriptive statistics on engagement mean values with brand as a factor are presented
in Table 4. The negative mean value of Coffee Bean’s engagement (-23373) is due to the
normalization in the pre-analysis stage on SPSS. Therefore, the values in Table 4, Table
5 and Table 6 are based on the normalized engagement measure and not on original
values. As mentioned in the data analysis chapter, the impact of brands on the results has
been removed by normalizing and standardizing the engagement values for the ANOVA
tests for each hypothesis. Here, the influence of the brand on engagement remains.
Among the examined brands in this study, the most active brand is Coffee Bean with 68
posts during a three-month period while the least active is KFC with 21 posts (Table 4).
Although a brand is more active than another, the average engagement on each post is
not necessarily higher. Indeed, the brand that succeeds to generate the highest
engagement in average is Starbucks (82261) while Coffee Bean receives the least
engagement in average. The number of followers can be a decisive factor for engagement
levels: Starbucks has 17,6 million followers whereas Coffee Bean only has 86,9 thousand
followers.
Interestingly, Taco Bell manages to receive more engagement (39982) than brands that
have a higher level of followers such as KFC, Pizza Hut and Dunkin’ Donuts. This result
could have been influenced by the fact that Taco Bell provides content that has a higher
artistic appeal than other brands, which had not been considered as a dimension in the
content analysis. For example, Taco Bell has sought collaboration with artists to create
some of their posts. Another reason could also be the associations consumers have about
a brand, which could lead consumers to engage more with a brand than others.
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Table 4. Descriptive statistics on brands
Descriptives
Consumer
engagement
95% Confidence
Interval for Mean
Std.
Deviation

Std.
Error

Lower
Bound

N

Mean

Burger King

23

49100

10113

2109

44726

Coffee Bean

68

−23373

17055

2068

Dunkin' Donuts

34

30472

23041

KFC

21

29905

Pizza Hut

39

Starbucks

Upper
Bound

Minimum

Maximum

53473

27769

64320

−27501

−19245

−68394

14306

3951

22433

38512

−4829

74084

17480

3814

21948

37861

−831

61694

15511

15346

2457

10536

20486

−11970

51426

24

82261

11851

2419

77257

87265

65014

108808

Subway

35

16299

9762

1650

12946

19653

−446

38224

Taco Bell

23

39982

9176

1913

36014

43950

15296

52872

267

19750

34646

2120

15575

23925

−68394

108808

Total

In this study, brands have been found to have significant differences in engagement levels
(Table 5). Indeed, there is statistical support that engagement varies depending on the
brand itself [F (7, 259) = 151,597, p = 0,000 < 0,05]. The brand has therefore a strong
influence on engagement. This can depend on characteristics that are peculiar to a brand
such as brand fame and consumers’ perception of the brand.

Table 5. ANOVA results on brands
ANOVA
Consumer engagement

Sum of Squares
Between Groups
Within Groups
Total

df

Mean Square

256653845307

7

36664835044

62640882433

259

241856689

319294727740

266

39

F
151,597

Sig.
0,000

Table 6 below shows detailed comparisons between each brands’ average engagement
with significance levels. Although most of the brands have significant differences, there
is no statistical support that all brands differ from each other in terms of engagement. For
instance, Taco Bell’s engagement in relation to Burger King, Dunkin’ Donuts and KFC
is not significantly different. The average engagement Dunkin’ Donuts creates is also
similar to KFC’s [p = 1,000 > 0,05], and Pizza Hut also creates similar engagement levels
to Subway [p = 1,000 > 0,05].

Table 6. Multiple comparisons on brands
Multiple Comparisons
Dependent
Variable:

Consumer
engagement

Tukey HSD

(I) Brand

Coffee Bean

Sig.

95% Confidence Interval
Lower
Upper
Bound
Bound

72473*

3751

0,000

61009

83936

Dunkin' Donuts

18627*

4199

0,000

5797

31458

KFC

19195*

4694

0,001

4851

33539

Pizza Hut

33589*

4089

0,000

21094

46083

Starbucks

−33161*

4538

0,000

−47029

−19294

32800*

4174

0,000

20044

45557

9118

4586

0,492

−4896

23132

Burger King

−72473*

3751

0,000

−83936

−61009

Dunkin' Donuts

−53845*

3267

0,000

−63827

−43863

KFC

−53278*

3882

0,000

−65142

−41413

Pizza Hut

−38884*

3124

0,000

−48430

−29338

Starbucks

−105634*

3692

0,000

−116918

−94350

Subway

−39672*

3235

0,000

−49559

−29786

Taco Bell

−63355*

3751

0,000

−74818

−51891

Burger King

−18627*

4199

0,000

−31458

−5797

Coffee Bean

53845*

3267

0,000

43863

63827

568

4316

1,000

−12623

13758

Pizza Hut

14961*

3649

0,001

3810

26112

Starbucks

−51789*

4146

0,000

−64459

−39119

14173*

3745

0,005

2729

25617

−397

4199

0,317

−22340

3321

Taco Bell

KFC

Subway
Dunkin' Donuts

Std.
Error

Coffee Bean

Subway
Burger King

Mean
Difference (I-J)

Taco Bell
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Burger King

−19195*

4694

0,001

−33539

−4851

Coffee Bean

53278*

3882

0,000

41413

65142

−568

4316

1,000

−13758

12623

Pizza Hut

14394*

4209

0,016

1530

27257

Starbucks

−52356*

4647

0,000

−66557

−38156

Subway

13605*

4293

0,036

487

26723

Taco Bell

−10077

4694

0,388

−24421

4267

Burger King

−33589*

4089

0,000

−46083

−21094

Coffee Bean

38884*

3124

0,000

29338

48430

Dunkin' Donuts

−14961*

3649

0,001

−26112

−3810

KFC

−14394*

4209

0,016

−27257

−1530

Starbucks

−66750*

4035

0,000

−79080

−54420

−788

3621

1,000

−11854

10277

−24471*

4089

0,000

−36965

−11977

Burger King

33161*

4538

0,000

19294

47029

Coffee Bean

105634*

3692

0,000

94350

116918

Dunkin' Donuts

51789*

4146

0,000

39119

64459

KFC

52356*

4647

0,000

38156

66557

Pizza Hut

66750*

4035

0,000

54420

79080

Subway

65962*

4122

0,000

53367

78557

Taco Bell

42279*

4538

0,000

28412

56147

Burger King

−32800*

4174

0,000

−45557

−20044

Coffee Bean

39672*

3235

0,000

29786

49559

Dunkin' Donuts

−14173*

3745

0,005

−25617

−2729

KFC

−13605*

4293

0,036

−26723

−487

Pizza Hut

788

3621

1,000

−10277

11854

Starbucks

−65962*

4122

0,000

−78557

−53367

Taco Bell

−23683*

4174

0,000

−36439

−10926

Burger King

−9118

4586

0,492

−23132

4896

Coffee Bean

63355*

3751

0,000

51891

74818

9510

4199

0,317

−3321

22340

10077

4694

0,388

−4267

24421

Pizza Hut

24471*

4089

0,000

11977

36965

Starbucks

−42279*

4538

0,000

−56147

−28412

23683*

4174

0,000

10926

36439

Dunkin' Donuts

KFC

Subway
Pizza Hut

Starbucks

Subway

Taco Bell

Dunkin' Donuts
KFC

Taco Bell

Subway

*. The mean difference is significant at the 0,05 level.
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4.2 Hypothesis testing
4.2.1 Content type
The hypothesis that has been proposed referring to content type is H1: Brand posts that
present transformational content will create a higher level of consumer engagement than
brand posts that present informational content or interactional content. The ANOVA test
for the dimension of content type in Table 7 reveals no significant effect for content type
[F (2, 264) = 1,074, p = 0,343 > 0,05]. This implies that there is no statistically significant
difference between the content types in terms of engagement. Therefore, H1 is rejected.
Table 8 shows the different engagement means for each content type and Table 9
compares the means to each other. Despite the fact that transformational content was
expected to generate higher levels of consumer engagement than informational and
interactional content, the results show no support for transformational content (-0,065)
due to the lack of significance. Although not supported, informational content might lead
to higher levels of consumer engagement since its engagement mean value is higher than
the other content types (0,092) and the overall mean (-0,032).

Table 7. ANOVA results on content type
ANOVA
Consumer
engagement
Sum of Squares
Between Groups

df

Mean Square

1,614

2

0,807

Within Groups

198,371

264

0,751

Total

199,985

266
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F
1,074

Sig.
0,343

Table 8. Descriptive statistics on content type
Descriptives
Consumer
engagement

N

Mean

Std.
Deviation

Std.
Error

95% Confidence
Interval for Mean
Lower
Upper
Bound
Bound

Minimum

Maximum

Informational

74

0,092

0,825

0,096

−0,099

0,283

−2,111

2,240

Interactional

97

−0,093

0,932

0,095

−0,281

0,094

−2,023

2,246

Transformational

96

−0,065

0,829

0,085

−0,233

0,103

−1,715

2,096

267

−0,032

0,867

0,053

−0,136

0,073

−2,111

2,246

Total

Table 9. Multiple comparisons on content type
Multiple Comparisons
Dependent
Variable:

Consumer
engagement

Tukey HSD

(I) Content type

Informational

Interactional

Transformational

Mean
Difference
(I-J)

Std.
Error

Sig.

95% Confidence Interval
Lower
Upper
Bound
Bound

Interactional

0,186

0,134

0,349

−0,130

0,501

Transformational

0,157

0,134

0,470

−0,159

0,473

Informational

−0,186

0,134

0,349

−0,501

0,130

Transformational

−0,028

0,125

0,972

−0,323

0,266

Informational

−0,157

0,134

0,470

−0,473

0,159

Interactional

0,028

0,125

0,972

−0,266

0,323
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4.2.2 Emotions
The hypothesis that has been proposed regarding emotions is H2: Brand posts evoking
high-arousal emotions create a higher level of consumer engagement than those evoking
low-arousal emotions. As demonstrated in Table 10, the testing results from ANOVA [F
(1, 265) = 1,606, p = 0,206 > 0,05] indicate that there is no statistically significant
difference between the effects of high-arousal and low-arousal emotions on consumer
engagement. Moreover, Table 11 shows that the mean value of high-arousal emotions (0,100) is lower than that of low-arousal emotions (0,034). Thus, H2 is rejected.

Table 10. ANOVA results on emotions
ANOVA
Consumer
engagement
Sum of Squares
Between Groups

df

Mean Square

1,205

1

1,205

Within Groups

198,780

265

0,750

Total

199,985

266

F

Sig.

1,606

0,206

Table 11. Descriptive statistics on emotions
Descriptives
Consumer
engagement

Std.
Deviation

Std.
Error

95% Confidence
Interval for Mean
Lower
Upper
Bound
Bound

N

Mean

High

131

−0,100

0,867

0,076

−0,250

Low

136

0,034

0,865

0,074

Total

267

−0,032

0,867

0,053
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Minimum

Maximum

0,050

−2,023

1,893

−0,113

0,181

−2,111

2,246

−0,136

0,073

−2,111

2,246

4.2.3 Source of content
The hypothesis that has been proposed in relation to the source of content is H3: Brandrelated user-generated content leads to a higher level of consumer engagement than
brand-generated content. Table 12 shows results from the ANOVA test for this
dimension, it indicates no significant difference in engagement between brand-related
UGC and brand-generated content [F (1, 265) = 0,553, p = 0,458 > 0,05]. Despite the
lack of statistical support, Table 13 shows higher means for user-generated content
(0,055) in terms of engagement than for brand-generated content (-0,05). Since there is
no support that engagement levels differ between sources of content, H3 is rejected.

Table 12. ANOVA results on source of content
ANOVA
Consumer
engagement
Sum of Squares
Between Groups

df

Mean Square

0,416

1

0,416

Within Groups

199,569

265

0,753

Total

199,985

266

F

Sig.

0,553

0,458

Table 13. Descriptive statistics on source of content
Descriptives
Consumer
engagement

N

Mean

Std.
Deviation

Std.
Error

95% Confidence
Interval for Mean
Lower
Upper
Bound
Bound

Minimum

Maximum

46

0,055

0,840

0,124

−0,195

0,304

−1,797

1,893

Non-UGC

221

−0,050

0,873

0,059

−0,166

0,066

−2,111

2,246

Total

267

−0,032

0,867

0,053

−0,136

0,073

−2,111

2,246

UGC
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4.2.4 Vividness of content
The authors have stated the hypothesis that is associated with vividness of content as H4:
Brand posts with videos lead to a higher level of consumer engagement than posts with
images. The ANOVA test (Table 14) returned a significant effect for vividness of content
[F (1, 265) = 29,999, p = 0,000 < 0,05]. However, the results in descriptives (Table 15)
reveal that the mean value of posts with videos (-0,689) is lower than that of posts with
images (0,084), meaning that the latter type of posts are more effective in creating
consumer engagement. Therefore, H4 is rejected.

Table 14. ANOVA results on vividness of content
ANOVA
Consumer
engagement
Sum of Squares
Between Groups

df

Mean Square

20,337

1

20,337

Within Groups

179,648

265

0,678

Total

199,985

266

F

Sig.

29,999

0,000

Table 15. Descriptive statistics on vividness of content
Descriptives
Consumer
engagement

N

Mean

Std.
Deviation

Std.
Error

95% Confidence
Interval for Mean
Lower
Upper
Bound
Bound

Minimum

Maximum

Image

227

0,084

0,839

0,056

−0,026

0,194

−2,111

2,246

Video

40

−0,689

0,728

0,115

−0,922

−0,456

−2,023

0,748

Total

267

−0,032

0,867

0,053

−0,136

0,073

−2,111

2,246
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4.2.5 Posting time
The hypothesis for posting time has been suggested as H5: Brand posts published on
weekdays lead to a higher level of consumer engagement than those published on
weekends. As determined by the ANOVA test [F (1, 265) = 0,475, p = 0,491 > 0,05]
(Table 16), there is no significant difference between the effects of posts that are
published on weekdays and that are published on weekends. Furthermore, the descriptives
(Table 17) demonstrate a greater mean value for weekends (0,051) than for weekends (0,048). Hence, H5 is rejected.

Table 16. ANOVA results on posting time
ANOVA
Consumer
engagement
Sum of Squares
Between Groups

df

Mean Square

0,358

1

0,358

Within Groups

199,628

265

0,753

Total

199,985

266

F

Sig.

0,475

0,491

Table 17. Descriptive statistics on posting time
Descriptives
Consumer
engagement

N

Mean

Std.
Deviation

Std.
Error

95% Confidence
Interval for Mean
Lower
Upper
Bound
Bound

Minimum

Maximum

Weekday

223

−0,048

0,900

0,060

−0,167

0,071

−2,111

2,240

Weekend

44

0,051

0,681

0,103

−0,156

0,258

−1,039

2,246

267

−0,032

0,867

0,053

−0,136

0,073

−2,111

2,246

Total
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4.2.6 Presence of hashtags
The hypothesis that has been proposed regarding the presence of hashtags in a post is H6:
Brand posts that contains hashtags create a higher level of consumer engagement than
those do not contain hashtags. The results from ANOVA for this dimension are shown
in Table 18, it indicates no statistically significant differences in engagement between
posts that contain hashtags and posts that do not [F (1, 265) = 0,024, p = 0,878 > 0,05].
Despite the lack of statistical support, Table 19 shows lower means for posts with
hashtags (-0,045) in terms of engagement than for posts without hashtags (-0,027). Since
there is no support that engagement levels differ between using hashtags and not using
them, H6 cannot be supported.

Table 18. ANOVA results on the presence of hashtags
ANOVA
Consumer
engagement
Sum of Squares
Between Groups

df

Mean Square

0,018

1

0,018

Within Groups

199,967

265

0,755

Total

199,985

266

F

Sig.

0,024

0,878

Table 19. Descriptive statistics on the presence of hashtags
Descriptives
Consumer
engagement

N

Mean

Std.
Deviation

Std.
Error

95% Confidence
Interval for Mean
Lower
Upper
Bound
Bound

Minimum

Maximum

Yes

70

−0,045

0,807

0,096

−0,238

0,147

−1,649

1,782

No

197

−0,027

0,889

0,063

−0,152

0,098

−2,111

2,246

Total

267

−0,032

0,867

0,053

−0,136

0,073

−2,111

2,246
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5. Discussion
In this chapter, the discussion of the hypothesis testing results and the potential
explanations will be presented.

The following table (Table 20) shows a summary of the testing results of the hypotheses.
None of the hypotheses were supported. H1, H2, H3, H5 and H6 were rejected due to that
their p-value is higher than 0,05, which means that the effects of the subcategories on
consumer engagement do not significantly differ from each other within one dimension.
Even though there was significant difference found in H4, the results that image posts
created more consumer engagement contradicted the authors’ expectations. Thus, the
hypothesis was rejected.

Table 20. Summary of results

Hypotheses

Significance (p)

Results

H1: Content type

0.343 > 0,05

Rejected

H2: Emotions

0,206 > 0,05

Rejected

H3: Source of content

0,458 > 0,05

Rejected

H4: Vividness of content

0,000 < 0,05

Rejected

H5: Posting time

0,491 > 0,05

Rejected

H6: Presence of hashtags

0,878 > 0,05

Rejected
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5.1 Content type
Although brands choose to publish more transformational content than other types of
content (Table 3), the results show that it is not more effective than the other types.
Previous studies have namely found different results, Tafesse and Wien (2018)
discovered that transformational posts on Facebook drive more engagement than
interactional and informational posts. However, this study has been based on Instagram,
which is a distinct platform from Facebook since it has a greater focus on visual content.
The expected outcome and the actual results could have differed because of the platform.
In addition, one of the motivations behind consumer engagement on social media is the
desire for consumers to reinforce their identity (Van Doorn et al., 2010) and the image
they reflect (Jahn & Kunz, 2012). This implies that consumers are more likely to like or
interact with content that is in line with their self-image. Users may thus engage more
with posts that highlight their healthy habits than fast food habits. Since most of the
brands are selling fast food, it is likely that they might have influenced the results in this
way.
Simultaneously, brand commitment and trust toward nondurable products may be lower
than for clothing or electronics, which could induce less engagement for interactional and
transformational content. Although informational content received higher levels of
engagement without significance, consumers may follow fast food and beverage brands
for informational benefits rather than for social and entertaining benefits. It is also likely
that consumers digest the information about brand discounts and deals while scrolling
their news feed without liking or commenting the posts.

5.2 Emotions
The results reveal that brand posts that evoke high-arousal emotions are not more likely
to create a higher level of consumer engagement compared with posts that evoke lowarousal emotions. This is contrary to the findings of Berger and Milkman (2012) which
state that content that elicits high-arousal emotions will generate more participation. One
of the possible reasons behind this could be that the research of Berger and Milkman
(2011) has been conducted on articles in an online newspaper, which is a different media
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type from brand posts on Instagram. Online articles contain more text information, which
require more readings. During a relative long reading process, people are more likely to
be influenced by the emotional cues in the articles. Moreover, in this study, the number
of shares has not been taken into account, since it is not available on Instagram. Therefore,
the outcome of the test is not the same as it has been expected.
Considering that most of the brands are selected within fast food sector, one potential
reason could be that emotions do not have much impact on consumers’ attitude towards
posts that are associated with fast food at a general level. This can be related to the specific
characteristics of fast food that, for example, it is fast and convenient, and the price is
affordable. Therefore, consumers might not feel involved with fast food so much, and
thereby, whether a post elicits high-arousal or low-arousal emotions, there would not be
much difference.

5.3 Source of content
The results did not show that reposting UGC leads to a higher level consumer engagement
than posting brand-generated content. Geurin and Burch (2017) obtained different results
in their study on sport brands. Their findings demonstrated that the brands using a
differentiation strategy succeeded in generating more engagement from reposting UGC
than the low-cost provider brands. Since fast food is affordable and targeted toward a
broader market, it could be associated with a cost leadership strategy. Although brandrelated UGC has a positive influence on purchase behaviors (Malthouse et al., 2016),
reposting UGC may not elicit higher engagement levels for fast food brands. Unlike most
of the brands in the sample, Starbucks and Coffee Bean are employing a product
differentiation strategy since the products they sell are more high-priced. These only
represent two out of the eight brands in the sample, therefore the low-cost strategy is more
prevalent in the study. In other words, reposting UGC may elicit higher levels of
engagement than brand-generated content for differentiated brands but not for cost
leadership brands.
Another explanation for the rejection of the hypothesis is that the reposted UGC may
have lacked brand resonance, meaning that the pictures did not clearly reflect the brand
and the product in question. For example, some posts of Starbucks had a greater focus on
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consumers’ attire than on the brand or the product with fashionable consumers holding a
Starbucks cup. Indeed, reposting UGC with an explicit brand or product focus is found
to lead to more engagement than UGC with a subtle brand or product focus (Geurin &
Burch, 2017).

5.4 Vividness of content
The interesting finding from this hypothesis testing result is that there is a significant
difference between video posts and image posts. However, contrary to what the authors
have proposed, image posts engender more consumer engagement than video posts.
Previous research of De Vries, Gensler and Leeflang (2012) and Sabate et al. (2014) both
confirm that the richness of content is positively related to the number of likes of a post,
but not the number of comments. Therefore, when counting the two variables as one
variable, namely consumer engagement, the results can be skewed. Moreover,
considering that vividness “refers to the ability of a technology to produce a sensorially
rich mediated environment” (Steuer, 1992, p.80), the content being displayed in an image
or a video may play a role in influencing the consumers’ perception of vividness. This
implies that some images may be perceived more vivid than videos, which leads to that
consumers are more motivated by images.
Another reasonable explanation could be associated with the viewing mode of Instagram.
When browsing posts on Instagram with mobile phone, even though the videos play
automatically, the sound of the video is off by default. If the user wants to turn on the
sound, they need to tap on the sound icon, which leads to extra action. The consumers
might not be as patient as when they look at an image post. Moreover, watching a video
takes longer time than looking at an image. An additional consideration is that when the
phone is not connected to the wireless network, playing a video will consume more
mobile data compared to viewing an image. Some consumers might be prudent with their
mobile data consumption and prefer to watch less videos, which can result in less
attention to video posts. Therefore, image posts would be more attractive and more useful
in producing consumer engagement.
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5.5 Posting time
The hypothesis testing results signify that whether a brand post is published on weekdays
(Monday to Friday) or weekends (Saturday and Sunday), the effects of the posts on
consumer engagement do not significantly differ from each other. This contradicts the
authors’ assumption that the highly overlapping active time between the brands and
consumers would increase the visibility of a brand post, and thereby results in a higher
level of consumer engagement. According to the findings of Cvijikj and Michahelles
(2013), weekdays have a positive relation to the number of comments. However, as
discussed in the previous section, this study does not separately test the effects on likes
and comments, which could be considered to have an impact on the results.
Moreover, it can be seen from the overview of brand posts frequencies (Table 3) that most
of the posts are published on weekdays, which indicates that there might be a competition
for brand posts to be viewed by consumers. Brands face the risk that their posts are
ignored as a result of the large amount of posts shown in the consumer’s news feed,
meaning that the visibility of a brand post can be reduced. Additionally, the findings of
Golder, Wilkinson and Huberman (2007) reveal that user activity on social networks
tends to decrease over the weekend. It could be reasonably assumed that people would
have more relaxing time on weekends, either staying alone or spending time with family
or friends. As a result, the visibility of a brand post will decrease as user activity reduces
on weekends.
From the discussion above, it can be concluded that the brand post visibility would be
influenced whether the post is published on weekdays or weekends. Thus, the time effects
on consumer engagement would not differ from each other as expected.

5.6 Presence of hashtags
The results demonstrate that including hashtags in a brand post does not lead to higher
levels of consumer engagement than not using hashtags, which is not in line with Liang
and Fu’s (2015) and Suh et al.’s (2010) studies. One possible explanation for the results
is that these researchers based their studies on Twitter, which is a platform with a
restriction on the amount of characters in one post. The use of hashtags may be more
important on Twitter than on Instagram due to the limited characters, which increases the
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importance of choosing the right words for better expression. On Instagram, users may
put less importance on the description of a post compared to the image or the video of a
post. This could explain why the presence of hashtags is not more engaging than the
absence of hashtags.
Moreover, posts with hashtags do not lead to higher consumer engagement levels than
posts without them because they may not match the content. For example, Pizza Hut
posted a picture of pizza with the hashtags #diet #healthylifestyle #newyearnewme
(Figure 2). Although the hashtags added a dose of humor to the post, consumers looking
for content with these specific hashtags may have paid more attention to matching
content.
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6. Conclusion
The chapter below provides answers to the research question related to the purpose of
the study. It further delineates the contribution it makes to social media marketing
research and proposes suggestions to future studies.

6.1 Conclusion
As a result of the presence of 3,5 billion social media users in the world, the popularity
of this communication medium has made social media marketing a common practice for
brands. The presence of competitors and the cost advantages further motivate brands to
market themselves on social networks. Brands base their success on social media on likes
and comments received by consumers, however, it is a challenge for them to differentiate
what drives engagement the most. The purpose of the study was to investigate what
brands need to take into account when publishing posts on social media in order to create
a higher level of engagement.
In order to respond to the research question “What characteristics of brand posts lead to
a higher level of consumer engagement on Instagram?”, a content analysis by measuring
likes and comments was conducted. The results are specific to the fast food and beverage
industry due to the chosen population. The study resulted in the rejection of all the
hypotheses as there was no support that one subcategory was more engaging than the
others, except for one. Although the opposite was expected, it was found that image posts
generates more consumer engagement than video posts. This suggests that brands should
publish pictures instead of videos in order to create higher levels of engagement. On the
other hand, brands will create as much engagement whether the content is informational,
interactional or transformational. Likewise, consumer engagement levels are similar
between posts that evoke high- and low-arousal posts. Moreover, brands do not
necessarily need to prioritize publishing their own content or reposting UGC in order to
generate more engagement. Finally, the practice of including hashtags is not more
engaging than excluding hashtags.
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Although there is a lack of differences in engagement between the content types, brands
can choose one content type over the others depending on their goals. Sales could be more
related to informational content since it focuses more on prices and offers. On the other
hand, if brands wish to sustain their brand personality, publishing transformational
content should be prioritized. Creating interaction stimulating content would also be
beneficial for improved relationships between brands and consumers.

6.2 Future research
As demonstrated in the problematization, creating compelling content on social media is
a challenge for brands. Previous research on the popularity of brand posts has been
conducted on social media platforms such as Facebook and Twitter. However, little
research has investigated the subject on other platforms, which indicates that more
research is needed to fill the gap. In this study, the authors choose to focus on the fastgrowing social media platform Instagram in order to complete the knowledge of brand
content popularity in the field of social media marketing.
The authors defined and examined six dimensions of brand posts in order to explore what
content create more consumer engagement, which was measured in terms of likes and
comment as the previous researchers did. These six dimensions were tested separately
with the purpose of detecting the differences between the effects of the subcategories
within one dimension. This means the cross effects among the dimensions were not
tested. Future research could therefore take a further step and investigate the cross effects,
for example, using content type as a moderator and see how different types of emotions
would influence the results.
Another research suggestion regarding the dimensions would be investigating the effects
of the posting time of a day. The authors in this study have only taken the time of a week
into consideration but not the time of a day. This was due to that the selected Instagram
accounts were the international accounts of the brands, meaning that consumers
worldwide would like and comment on the brand posts at any time of a day. It is therefore
difficult and irrelevant to look at the posting time of a day. However, it would be
beneficial for the brands’ local accounts to know whether the posting time of a day would
result in different levels of consumer engagement.
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The brands in this study were mainly selected from the fast food sector, and several were
from the beverage sector, which led to that the results stressed the specifications in fast
food and beverage sectors. In other words, the generalizability of the findings in the study
would be limited. Therefore, it would be interesting to replicate the study for other sectors
to see whether the results still hold. Moreover, with consideration to the sample size,
future research could cover a longer period of data instead of a three-month period. One
full year could be considered as a proper period, since it accounts more fully for seasonal
variation in the themes of brand posts.
In this study, likes and comments were counted as one variable to represent consumer
engagement in this study, however, the impact of those dimensions may differ between
likes and comments. Thus, the authors suggest that future research could treat likes and
comments as two separate variables and test these dimensions on them. Additionally,
previous and present research that were conducted to analyze the content of a brand post
have only taken the numerical aspect of comments into account. The valence of the
comments has therefore not been explored, meaning that whether the comments are
positive or negative remains a question. This leads to the suggestion that future research
could take a further look at the comments from a textual perspective.
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